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Introdugdo '

FUTBOL | 34* JORNADA DE LIGA / VILLARREAL -ATLETICO >

Simeone: “El futbol es muy bueno porque todos
tenemos razon”

En su 45 cumpleafios y a punto de cumplir 200 partidos ante el Villarreal, el técnico
del Atlético reflexiona sobre las criticas tras el euroderbi y repasa su trayectoria



Introdugdo

“As sensacoes sao muito amplas, no futebol podemos discutir um monte de coisas,
se & melhor perder 4-2, 5-3 ou 1-0 no ultimo minuto com um a menos, ue as
pessoas ndo se recordardo muito[...]. Mas o outro ndo husca desculpas, porque fala
de uma realidade que & incompativel com a do que opina de outro lugar. E
compreensivel, porgue as criticas s&o justas a partir do lugar que se ocupa e elas tém
que existir para que se possa discutir. 0 futebol & muito bom porque todos temos
razao”.



http://deportes.elpais.com/deportes/2015/04/24/champions/1429900049_824942.html
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Edicéio de video

(Qual o melhor programa?



Edigéio de video

Qual software de analise e edi¢cao vocé utiliza em seu clube?
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Edicéio de video

Dartfish, 10.40%

Focus x2, 12.50%

Amisco,
27.10%

Craig Wright, Steve Atkins, Bryan Jones & Jason Todd (2013)



Edigéio de video

What's the most time demanding task on your

routine?
12
10
8
6
4
. 52 os .
Own team's Cpponent’s Own team’s Opponent's  Presentations Practice
post-match post-match pre-matdh pre-matdch prep plannirg
analysis analysis analysis analysis

| Video Analyst mCoach



Edicéio de video

What's the second most time demanding task on
your routine?
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W teams Upponent's Own team's Jpponents resentations Fracive
pOs t-maatch PO 1-maich pre-match pre-match prép planning
analysis analysis analysis analysis

B Video Analyst  m Coach
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Relatdrios

Tipos de relatorio

® Pesquisa de midia
® Andlise coletiva
® Andlise individual

® Bola parada

Plener, L. Opponent Analysis in Football. Match Analysis: How to use Data in Professional Sport (2022)



Edicéio de video

Post match feedback
(team and

Talent identification, Individual), 70.80%

37.50%

Scouting analysis,
54.20%

Craig Wright, Steve Atkins, Bryan Jones & Jason Todd (2013)
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Tipos de relatorio

®  Estatistico

® Video



Relatérios

Eyewitness Testimony in Sport*

lan M. Franks and Gary Miller
University of British Columbia

A comparison was made between eyewitness testimony to criminal situations and obsarva-
tions made by coaches and teachers following a sporting performance. An experiment was
undertaken in which novice coaches were tested on their ability to observe and recall
critical technical events that occurred during one half of an international soccer game.
Three experimental groups received Instructions either prior to or following the game,
These instructions varied in the amount of information that was given to direct the observa-
tions of the coaches toward a final post game questionnaire. The results showed that the
overall probability of recalting critical events correctly for all coaches was approximately
0.42. There were no statistically significant diflferences between experimentat groups, but
thare were differences in the ability of coaches to recall certain categorized events more
accurately than others.
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Eyewitness Recollection of Sport Coaches

Peter Laird and Laura Waters
Napier University, 10 Colinton Road, Edinburgh, EH10 5DT.

Abstract

The current study is based on the works of Franks and Miller (1986)
Eyewitness Testimony in Sport which measured coaches’ observational
accuracy from one half of an international football match. Franks and
Miller used novice Physical Education students, with no previous soccer
experience, to recall events accurately in six categories of questions
reflecting important aspects of an international soccer game. These
results showed a relatively low recall ability and observational accuracy
recorded by this group of 42%. The aim of the current study was to assess
the ability of experienced, qualified, football coaches (with a minimum of
6 months experience after obtaining their qualification) to recollect
accurately critical events during 45 minutes of a football match. Subjects
were allowed to take notes whilst watching the match before answering
the six category questionnaire at the end. The results of the current study
show that the probability of qualified, experienced coaches recalling
critical events accurately is 59.2% (SD+15.3). Coach observation accuracy
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Relatario de video

® Duracao do video

® Ordem das acdes

e Quantos clipes para cada tipo de acao

® Apresentar o clipe uma vez ou repeti-lo varias vezes

® Direcionamento do foco de atencao
e Video da televisdo ou camera prépria
e Importancia da(s) partida(s) observada(s)

e Apresentacdo com ou sem audio

Plener, L. Opponent Analysis in Football. Match Analysis: How to use Data in Professional Sport (2022)
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Does not apply h

3 -4 Hours

M Professional %

® Academy %

1-2 Hours

41 - 60 minutes

21 - 40 minutes

il

0 10 20 30 40 50 60
Craig Wright, Steve Atking, Bryan Jones & Jason Todd (2013)



BRASIL MUNDIAL FC

< VEJA TODOS OS POSTS

Terca-feira, 14/03/2017 as 17:53 por BMFC

Aos 17 anos, meia do Bayer tem prova na
escola e fica fora contra Atlético de Madrid

O velho cliché diz que nenhum jogador gosta de ficar de fora de uma partida decisiva, seja por
suspensado ou lesdo. Mas no caso do jovem meia Kai Havertz, de 17 anos, seu corte foi por um motivo
diferente. Nesta terca, o Bayer Leverkusen divulgou os jogadores que estao fora da partida desta quarta
contra o Atlético de Madrid as 16h45 (de Brasilia). O GloboEsporte.com acompanha a partida em
Tempo Real. Enquanto Toprak, Tah, KieRling e Bender estdo machucados e Henrichs ndo atua por
suspensao, Havertz ndo vai jogar por ter uma prova importante na escola. E o Bayer ainda fez uma
graga ao falar da curiosa situagdo do meia.

- Aquela cara que vocé faz quando joga no Campeonato Alemao e na Liga dos Campedes aos 17 anos,
mas, ainda assim, nao consegue fugir das provas.

Relatérios
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ig ata e Se agente: como De Bruyne
renovou com o City por R$ 554 milhoes

WAYS




Amplitude Abrir os pontas

Profundidade Receber a bola nas costas / vazio
Atacar marcando Diminuir espago
Criar linha de passe Encostar e aparecer pro jogo
Jogo apoiado Aproxima / Triangulagoes / vem jogar caralhol :_
-

Troca de corredor Virada de jogo \

8,0\
Sair da zona de pressao lira a bola dal / d3 um chut3o caralhol L

-

Circulacdo de bola Posse de boa / Fica com a bolal .
Marcar em bloco Fechar a casinha / Compactagao

Dobra de marcagao Dois contra um na marcacao

D b T e v
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Como vocé compartilha videos dentro do clube?
50

40 41

30
30

24
20

10

3

Whatsapp Pen Drive/HD Youtube/Vimeo Aplicativo Google
Externo dedicado Drive/Dropbox
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E Time A vs Time B

Perdas Recuperacdes

1 Gols n

2 FinalizagGes n
0 Oportunidades n

6  Faltas n

15 Recuperacdes E

19 Perdas n

1 Impedimentos n

2 Cruzamentos n Finalizacoes
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2 Escanteios E

1 Tiros livres n
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67%

498

86%

14

FIM

Chutes
Chutes a gol
Posse de bola
Passes
Preciséo de passe
Faltas
Cartdes amarelos
Cartdes vermelhos
Impedimentos

Escanteios

33%

251

65%

15

Relatérios
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Engajamento gerado com o método de compartilhamento

B Atletas

B Comissao técnica

25

Péssimo Regular Bom Muito Bom Excelente
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How Premier League teams pass out from the back: is long-ball football dead?

Passing styles of goalkeeper and centre-backs for the 34 teams to have featured in the Premier League in the last decade

Long ball Play out from the back . Mixed build-up Season outside the Premier League

Arsenal
Aston Villa
Bounemouth
Brentford
Brighton
Burnley
Cardiff
Chelsea
Crystal Palace
Everton
Fulham
Huddersfield
Hull
Leeds
Leicester
Liverpool
Man City
Man Utd
Middlesbrough
Newcastle
Norwich [N
QPR
Reading
Sheff Utd
Southampton [N ]
Stoke || I
Sunderland IR
Swansea I I B
Tottenham | |
Watford I— —
West Brom ||  —
West Ham | |
Wigan
Wolves I

2012-13  2013-14  2014-15 2015-16  2016-177  2017-18  2018-19  2019-20 2020-21 2021-22

The Athletic




ANALYSIS

Atalanta look to go long

When it came to another aspect of the
goalkeeper's job, kicking, the average goal-

kick distances of teams varied considerably

in 2021/22. At one end of the scale Atalanta
ended their campaign with an average distance
of 55.2m. By contrast, two sides averaged

goal kicks of less than 20m —namely Shakhtar

Donetsk (16.7m) and Inter (17.6m). f:f:;f;‘:::f::ﬂ'

with a goal kick

AVERAGE 33.8M
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ATALANTA LOSC MALMO BESIKTAS WOLFSBURG ATLETICO DYNAMO KYIV PORTO
55.2m 49.3m 46.9m 45.5m 44.9m 43.7m 43.5m 41.9m

A

=n

SALZBURG VILLARREAL BENFICA MAN UTD SHERIFF CLUB BRUGGE ACMILAN
41.6m 39.5m 38.1m 37.8m 36.1m 35.3m 34.3m
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Top 12 players, ranked by total number of open- play successful progressnve passes
Premier League 2022/2023 - Successful Progressive Passes, Progr e Passes and

1: Trent Alexander-Arnold !Z 2: Jodo Cancelo @ 3: Diogo Dalot 0 4: Joél Veltman

Total: 96

)

Total: 48

0} ¢

]> q

Total: 48

] ¢

Total: 48

5: Kyle Walker

6: Marc Roca

7: Adam Webster

8: Pascal Struijk

Total: 47

1) @

Total: 46

1) <

Total: 45

e

Total: 45

9: Ben White

10: Kieran Trippier

11: Joachim Andersen

12: Robin Koch

e

Total: 44

Total: 44

)} ¢

D) <

Total: 43

IE

Total: 43

Direction of play

Created by Jake Kolliari (@_JKDS_). Data provided by Opta.




AVERAGES

POSSESSION POSSESSION POSITION
Frstthird 2%
Middie third

M 7150 vBestas (1)
iS40 P ) Attacking

PASSESATTEMPTED | PASS ACCURACY
o Mooy Dt
3% Beyiias o)

37@mofton) ctank2s

22400 et ank?

11 et ank
Average  uctronk
74 1

Average  Uctrank
8

DISTANCE COVERED
M. 122.3 kmy Dormund ().
Min 113 kmvsenta )
Ut rank 11

*Decmlpoints account forth exta/mssng 1%

ATTEMPTS

“Own gosinot inckdedonmap

PLAYER STATISTICS

Where totalsare equal, ki decidedby net vave
[

1 Sébastien Haller 1

2 Steven Berghuis 3 16

3_Antony 2 2

G Gosly S = Shots 0T = On Target G Expectad Gots

1 Antony

2_Dusan Tadic

3 Noussair Mazraoui

A st 9 = KeyPases xhe rpcted st

SHAPE
Example: v Dortmund (n)
Inpossession | 1 @ Outof possession

‘GOALS (1 owngoal*)
275 per match; UL ank 2.

EXPECTED GOALS (xG)
2.4permateh; U rank 2

GOAL ATTEMPTS
16.1per match; Uctrnk s

ON TARGET
6.3 permatch; uct ankc 2=

1_Lisandro Martinez
2 Jurrién Timber
3_Daley Biind

Nt Atempte R =P

1 _Sébastien Haller 125 20
2 dson Avarez 125 30
3 Ryan Gravenberch 110 43

[ e — TS e——

COACH ERIKTEN HAG

HEAD CONCR 28/12/2017t0
l | ioiosr2022
UEFACLUB TROPHIES WN:0
Matches W DL
UEEA Champions League o
{Gopstgetatra

UEFA club competition
(g uayng)

SQUAD

24 André Onana
32 Remko Pasveer

3 Perrschuurs
12 Noussair Mazraoul
15 Devyne Rensch
17 Daley Biind

21 Lisandro Martinez
31 Nicolds Tagliafico

2 Jumién Timber
4 Edson Alvarez

b DavyKiaassen
8_Ryan Gravenberch
20 Mohammed Kudus
25 Kenneth Taylor

7_David Neres
10 DuSan Tadic

11 Antony

18 Brian Brobbey*
22 Sébastien Haller
23 Steven Berghuis
30 Mohamed Daramy

8 By aisopayed for Loy

Aop = Appearances; Min = Mictesphayed = Goais A = Asssts

AVERAGE CARDS
AGE
0

KEY FEATURES

1433, 14-2:3-1
4v3 overloadin buld-up with three
defenders and stting midfielder Alvarez
Varied attacking with crosses or quick
combinations through middle

Aggressive out of possession,

pressing high uppitch

Attacking full-backs; wingers coming.
inside to create overl

‘Speed and crossing abilty of wide forwards
Antony (five assists) and Tadic

Playmaker Berghuis influential with
passing and movement behind stiker
Height, power,scoring touch of

11-goal target man Haller
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XG Race Chart

Ziirich v Arsenal, 08-09-2022

ZURICH

354

3.0+

254

204

1.0

054

00

@ StatsBomb
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Roma - Fiorentina, O - 2

0.5 ) = AS Roma
E = ACF Fiorentina
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Pappalardo, L., Cintia, ., Rossi, A. et al. A public data set of spatio-temporal match events in soccer competitions. Sci Jat 6, 236 (2019)
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Relatério de jogo

L J
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L 4 2
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0 5 10 15 20 25 30 35 40 45 50

® Cruzamentos A e Escanteios A e Faltas A © Finalizages A ® GolsA e Impedimentos A e PénaltisA e Perdas A ® Recuperagdes A e Tiros livres A
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What would you change on your routine or

equipments?
12
10
8
6
4
2 3
0 -
New motebook or New video Automatize Add one Integrate tactical,
camera analysis software tactical patterns employeeto the luhnu..sl and
recognition department phy sical data

W Video Anglyst BCoach
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Match Analysis 2.0

(starting 1988) v

quantitative assessment Match Analysis 3.Q 8
Grequancios) (starting 1996) Match Analysis 5
qualitative assessment a

(Experts evaluation of 4.0 1

game situations) physiological & technical (starting 2011) g

Y

assessments

(Pass paths, running dynamic tactical

distance, sprints, Passes assessments

etc) (Pattern, constellations,
interactions, complex
KPls)

iemmert D, Rein R. Match analysis, Big Data and tactics: current trends in elite soccer. Dtsch Z Sportmed. 2018; 69: 65-72. ¢



competition data

scouting data tracking data medical data

coaching data “ psychological data

~ . /

o’ e
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physiclogical data }
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Data lake / visualization and

reporting

W
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performance model

t

coach wports schenist

[ Machine learning
system

A possible model for Big-Data analyses in professional elite soccer. (adapted from Rein & Memmert,
2016).
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Consideragoes Finais

“Too much choice effect”

® Dificuldade em processar as informacdes
o Necessidade de justificar as decisOes
® Interpretacdo de acordo com o grupo social

e “Fale menos, para que eu possa ver mais” (Furley, P. 2014)

Furley, P. Communication of Match Analysis. Match Analysis: How to use Data in Professional Sport (2022)
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f
-D ADOS / | C “Serd que estamos preparados para toda essa mudanca? 0 que estamos

A Gest3o da Informagdo fazendo de andlise hoje ¢ suficiente para responder as perguntas que
aplicada ao Futebol teremos mais a frente? Serd que estamos coletando e armazenando
dados de maneira correta? [...] Devemos deixar de fazer mais do mesmo
e irem husca de novas informagdes que atendam a necessidade dentro
de uma perspectiva de um futebol moderno, onde a Gestdo da
Informacéo tem papel fundamental para a mudanca de postura das
equipes.

A busca por novos conhecimentos, a mudanga de paradigmas dos
cursos tradicionais de Educacéo Fisica e Esporte, que nao déo atengéo &
andlise de dados, computacdo e tecnologia, e a insercdo de novos
profissionais, como Cientista de Dados Esportivos e Engenheiros de
Software, vao ser fundamentais dentro de um futuro breve para o
sucesso das equipes de futebol”

Vitor A. Principe
prfiérolugor

Vitor Principe



Consideracgoes Finais

Dados FC

“Serd que estamos preparados para toda essa mudanca? O que estamos fazendo de
analise hoje é suficiente para responder as perguntas que teremos mais a frente? Sera que
estamos coletando e armazenando dados de maneira correta? [...] Devemos deixar de
fazer mais do mesmo e ir em busca de novas informacdes que atendam a necessidade
dentro de uma perspectiva de um futebol moderno, onde a Gestao da Informacao tem
papel fundamental para a mudanca de postura das equipes.

A busca por novos conhecimentos, a mudanca de paradigmas dos cursos tradicionais de
Educacdo Fisica e Esporte, que nao dao atencdo a analise de dados, computacdao e
tecnologia, e a insercao de novos profissionais, como Cientista de Dados Esportivos e
Engenheiros de Software, vao ser fundamentais dentro de um futuro breve para o sucesso
das equipes de futebol”
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Objetivo da analise

e Promover adaptacdes no comportamento (tatico) do atleta

Plener, L. Opponent Analysis in Football. Match Analysis: How to use Data in Professional Sport (2022)
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Referéncias

® Aos 17 anos, meia do Bayer tem prova na escola e fica fora contra Atlético de Madrid | Blog Brasil Mundial FC |
Globoesporte.com

° https://twitter.com/Zonal Marking/status/15554455088476815367s=20&t=y8F b9DTZeKaTGakZ3100g

° https://twitter.com/Vdot Spain/status/1565638572161601536?s=20&t=y8F b9DTZeKaTGakZ3100g

[ ) UEFA Champions League Technical Report 2022

e  https://twitter.com/_JKDS_/status/15669302926900183047?s=20&t=y8F bI9DTZeKaTGakZ3100g

° Simeone: “El futbol es muy bueno porque todos tenemos razon” | Deportes | EL PAIS
° https://twitter.com/quifrossard/status/15676959013296865287s=20&t=y8F b9DTZeKaTGakZ3100g

° A public data set of spatio-temporal match events in soccer competitions

° Big data e sem agente: como De Bruyne renovou com o City por R$ 554 milhdes



http://ge.globo.com/blogs/especial-blog/brasil-mundial-fc/post/aos-17-anos-meia-do-bayer-e-cortado-de-jogo-pela-liga-dos-campeoes-por-prova-na-escola.html
http://ge.globo.com/blogs/especial-blog/brasil-mundial-fc/post/aos-17-anos-meia-do-bayer-e-cortado-de-jogo-pela-liga-dos-campeoes-por-prova-na-escola.html
https://twitter.com/Zonal_Marking/status/1555445508847681536?s=20&t=y8F_b9DTZeKaTGakZ310Og
https://twitter.com/Vdot_Spain/status/1565638572161601536?s=20&t=y8F_b9DTZeKaTGakZ310Og
https://uefatechnicalreports.com/ucl-2022
https://twitter.com/_JKDS_/status/1566930292690018304?s=20&t=y8F_b9DTZeKaTGakZ310Og
https://elpais.com/deportes/2015/04/28/actualidad/1430234413_580379.html
https://twitter.com/guifrossard/status/1567695901329686528?s=20&t=y8F_b9DTZeKaTGakZ310Og
https://www.nature.com/articles/s41597-019-0247-7
https://www.uol.com.br/esporte/futebol/ultimas-noticias/2021/04/08/big-data-e-sem-agente-como-de-bruyne-renovou-com-o-city.htm
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Referéncias

e Memmert, D (2002). Match Analysis: How to use data in Professional Sport. Routledge
e Principe, V (2018). Dados FC: a Gestdo da Informac¢ao no Futebol. Editora Primeiro Lugar

e Memmert D, Rein R. Match analysis, Big Data and tactics: current trends in elite soccer. Dtsch Z Sportmed.
2018; 69: 65-72.

e Craig Wright, Steve Atkins, Bryan Jones & Jason Todd (2013) The role of performance analysts within the
coaching process: Performance Analysts Survey ‘The role of performance analysts in elite football club
settings., International Journal of Performance Analysis in Sport, 13:1, 240-261
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